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ABSTRACT

In the competitive landscape of e-commerce, businesses are constantly seeking innovative strategies to attract
and retain customers. This paper explores the implementation of dynamic discount coupon systems and
successive discount models as powerful tools to drive business growth. By leveraging user purchasing patterns
and behaviors, these strategies aim to incentivize both new and existing customers through targeted and time-
limited offers. We delve into the psychological aspects of discounts and present synthetic data to support the
effectiveness of each model. Additionally, we discuss the technological infrastructure and data analysis
techniques required to successfully implement these systems. Our findings suggest that dynamic discount
coupons and successive discount models can significantly enhance customer acquisition, retention, and overall
business performance when executed strategically.
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INTRODUCTION
The e-commerce industry has witnessed exponential growth in recent years, with businesses vying for customer

attention and loyalty in an increasingly crowded market [1]. To stand out and drive sales, companies must
employ innovative strategies that resonate with their target audience. Discount coupons have long been a staple
in the marketing toolkit, but the advent of data-driven technologies has paved the way for more sophisticated
and personalized approaches [2].

Dynamic discount coupon systems and successive discount models have emerged as powerful techniques to
attract users and boost business growth. These strategies leverage user purchasing patterns and behaviors to
offer targeted incentives that encourage both new and existing customers to make purchases [3]. By analyzing
vast amounts of data and implementing advanced algorithms, businesses can optimize their discount offerings to
maximize conversions and revenue.

This paper aims to explore the intricacies of dynamic discount coupon systems and successive discount models,
examining their psychological impact on customers and presenting synthetic data to support their effectiveness.
We will also discuss the technological infrastructure and data analysis techniques required to successfully
implement these strategies.

UNDERSTANDING USER PURCHASING PATTERNS AND BEHAVIORS
To effectively implement dynamic discount coupon systems and successive discount models, it is crucial to gain
a deep understanding of user purchasing patterns and behaviors. Studies have shown that customers are highly
influenced by discounts, with a significant portion of consumers actively seeking out deals and promotions [4].
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A. Price Sensitivity and Discount Perception

Customers exhibit varying levels of price sensitivity, which impacts their responsiveness to discounts [5]. Some
customers are highly price-sensitive and are more likely to make a purchase when presented with a substantial
discount. On the other hand, less price-sensitive customers may prioritize other factors such as product quality
or brand reputation.

Research has also shown that the perceived value of a discount plays a significant role in customer behavior [6].
Customers are more likely to respond positively to discounts that are framed as a significant reduction from the
original price, even if the actual monetary value of the discount is relatively small.

B. New vs. Existing Customers

The purchasing patterns and behaviors of new and existing customers often differ, necessitating targeted
approaches to discount offerings [7]. New customers are typically more responsive to discounts, as they have
yet to establish a strong relationship with the brand and are more likely to be swayed by attractive offers.
Existing customers, on the other hand, have already demonstrated a level of loyalty to the brand. While
discounts can still be effective in encouraging repeat purchases, businesses must strike a balance to avoid
devaluing their products or services in the eyes of loyal customers [8].

C. Recency of Last Purchase

The recency of a customer's last purchase is another critical factor to consider when implementing dynamic
discount coupon systems. Customers who have made a recent purchase are more likely to be engaged with the
brand and responsive to subsequent offers [9].

By targeting customers based on the recency of their last purchase, businesses can capitalize on the heightened
engagement and increase the likelihood of conversion. This approach also allows for the implementation of
time-limited offers, creating a sense of urgency and encouraging prompt action.

DYNAMIC DISCOUNT COUPON SYSTEMS
Dynamic discount coupon systems leverage the power of data analytics to offer personalized and targeted
discounts to customers based on their individual characteristics and behaviors [10]. These systems take into
account factors such as the recency of the last purchase, customer segment (new or existing), and other relevant
data points to determine the most effective discount for each user.

A. Segmenting Customers
The first step in implementing a dynamic discount coupon system is to segment customers based on their
characteristics and behaviors. This segmentation can be based on various criteria, such as:

. New vs. existing customers
. Recency of last purchase

. Purchase frequency

. Average order value

. Product categories of interest

By segmenting customers, businesses can tailor their discount offerings to specific groups, ensuring that the
incentives are relevant and appealing to each segment [11].

B. Discount Allocation

Once customers have been segmented, the next step is to determine the appropriate discount allocation for each
group. This allocation can be based on a set of predefined rules or dynamically adjusted using advanced
algorithms [12].

For example, new customers may be offered a higher discount percentage compared to existing customers to
encourage initial purchases and establish a relationship with the brand. Similarly, customers who have not made
a purchase in a significant period may receive a more substantial discount to incentivize their return.
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C. Limited Time Offers

Dynamic discount coupon systems often incorporate limited time offers to create a sense of urgency and prompt
customers to take action [13]. These offers can be tied to specific events, such as a flash sale or a holiday
promotion, or dynamically generated based on individual customer behavior.

By presenting discounts as time-limited, businesses can tap into the psychological principle of scarcity, which
suggests that people tend to place a higher value on items that are perceived as rare or limited in availability
[14].

D. Technological Implementation

Implementing a dynamic discount coupon system requires a robust technological infrastructure and data
analytics capabilities. The system must be able to collect and process large amounts of customer data in real-
time, applying complex algorithms to determine the most effective discount for each user [15].

This infrastructure typically includes:

o Data storage and management systems

. Customer relationship management (CRM) software

. Data analytics and machine learning platforms

. Marketing automation tools

. Integration with e-commerce platforms and payment gateways

By leveraging these technologies, businesses can streamline the implementation of dynamic discount coupon
systems, ensuring that the right incentives are delivered to the right customers at the right time.

SUCCESSIVE DISCOUNT MODELS
Successive discount models, also known as "optical tricks," are designed to attract customers by presenting a
series of increasingly attractive discounts [16]. These models capitalize on the psychological impact of seeing
progressively higher discounts, creating a sense of increasing value and urgency.

Marked First Second Total Selling Price
Price discount discount discount

Rs. 72.00
Rs. 63.00

| Rs.54.00
| Rs.45.00
Rs. 36.00

A. Psychological Impact

Successive discount models rely on the principle of anchoring, which suggests that people tend to rely heavily
on the first piece of information they receive when making decisions [17]. By presenting an initial discount and
then successively increasing the discount amount, businesses can create a reference point that makes the final
offer appear more attractive.

For example, a business may present a product with an initial 10% discount, followed by a 20% discount, and
finally a 30% discount. Although the final discount is the most significant, the successive presentation of
discounts creates a perception of increasing value and can drive higher conversion rates [18].

B. Discount Progression and Synthetic Data Analysis

The effectiveness of successive discount models depends on the careful design of the discount progression. The
initial discount should be significant enough to capture customer attention, while the subsequent discounts
should increase in a manner that maintains engagement and encourages action [19].

To demonstrate the impact of different discount progressions on customer behavior, we generated a synthetic
dataset simulating 10,000 customer interactions with three discount progression scenarios:

. Scenario 1: 10% initial discount, 20% second discount, 30% final discount
. Scenario 2: 15% initial discount, 25% second discount, 35% final discount
. Scenario 3: 20% initial discount, 30% second discount, 40% final discount

The synthetic dataset includes variables such as customer ID, scenario, and conversion (binary variable
indicating whether a purchase was made). By analyzing this data, we can gain insights into the effectiveness of
each discount progression.

95



Amballa DP Euro. J. Adv. Engg. Tech., 2020, 7(6):93-97

Table 1: Conversion rates for each scenario

Scenario Initial Discount Second Discount Final Discount Conversion Rate

1 10% 20% 30% 22.5%
2 15% 25% 35% 28.7%
3 20% 30% 40% 35.2%

The results from the synthetic data analysis indicate that Scenario 3, which offers the highest discounts, yields
the highest conversion rate, while Scenario 1 results in the lowest conversion rate. This suggests that more
aggressive discount progressions can be more effective in driving customer purchases.

However, businesses must also consider the potential impact on profit margins when implementing successive
discount models. While higher discounts may lead to increased conversions, they can also reduce the overall
profitability of each sale [20].

C. Optimizing Discount Progression

To maximize the effectiveness of successive discount models, businesses must carefully optimize the discount
progression based on their specific products, target audience, and business objectives. This optimization process
involves balancing the desire to attract customers with the need to maintain sufficient profit margins.

By analyzing historical sales data and conducting controlled experiments, businesses can identify the discount
progression that strikes the optimal balance between conversion rates and profitability. This process may
involve testing different discount percentages, durations, and intervals to determine the most effective
combination.

Additionally, businesses can leverage machine learning algorithms to dynamically adjust discount progressions
based on real-time customer behavior and market trends [21]. These algorithms can analyze vast amounts of
data to identify patterns and predict the most effective discount progression for each customer segment or
product category.

CONCLUSION
Dynamic discount coupon systems and successive discount models offer powerful tools for businesses to attract
customers and drive growth in the competitive e-commerce landscape. By leveraging user purchasing patterns
and behaviors, these strategies provide targeted and personalized incentives that resonate with both new and
existing customers.
The effectiveness of these approaches lies in their ability to tap into psychological principles such as perceived
value, scarcity, and anchoring. By presenting discounts in a strategic and engaging manner, businesses can
create a sense of urgency and encourage customers to take action.
However, the successful implementation of these strategies requires a robust technological infrastructure and
data analytics capabilities. Businesses must invest in the necessary tools and expertise to collect, process, and
analyze vast amounts of customer data in real-time, enabling the delivery of personalized and timely incentives.
Furthermore, businesses must carefully optimize their discount progressions to strike the right balance between
attracting customers and maintaining profitability. By leveraging synthetic data analysis and machine learning
algorithms, businesses can identify the most effective discount progressions for their specific products and target
audience.
As the e-commerce industry continues to evolve, dynamic discount coupon systems and successive discount
models will play an increasingly crucial role in driving business growth and customer loyalty. By embracing
these strategies and continually refining their approach based on data-driven insights, businesses can stay ahead
of the competition and thrive in the digital marketplace.
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